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----------------------------------------------------------------------------Abstract----------------------------------------------------------- 

The use of Social Network Sites (SNS) is increasing nowadays especially by the younger generations. The 

availability of SNS allows users to express their interests, feelings and share daily routine. Using user-generated 

content (UGC) in a correct way may help determine people's mental health levels. Mining the UGC could help to 

predict the mental health levels and depression. Depression is a serious medical illness, which interferes most with 

the ability to work, study, eat, sleep and having fun. However, from the user profile in SNS, there is a collection 

all the information that relates to person’s mood, and negativism. To investigate how SNS user’s posts can help 

classify users according to mental health levels. This system uses SNS as a source of data and screening tool to 

classify the user using artificial intelligence according to the UGC on SNS. 
----------------------------------------------------------------------------------------------------------------------------- --------------------- 

I. INTRODUCTION 

Depression is a common mental illness. It is one of the 

most concerning public health problems worldwide. In 

2015, over 300 millions world population have suffered 

from this mental 

problem.Depressionischaracterizedbyhavingapersistent 

feeling of sadness, hopelessness, low energy level, low 

self- esteem, empty mood, anxious mood, reduced or 

increased appetite, sleeping problems, guilty feeling, self 

harm as well as suicidal thoughts. This emotional 

disturbance affects daily functions as it also disturbs one’s 

memory and an ability to concentrate . Not only it affects 

one’s ability to live normally, it also is a burden to the 

society in general. 

 

 Depression also put the patients at risk of heart disease by 

67% and an increase in a risk of cancer by 50% . 

Moreover, this mental illness is also a burden to family, 

friends, care givers and other relationship in form of stress, 

marital breakdown, or homelessness . Thus, it is 

reasonable to make an effort and investment in depression 

prevention and medication 

 

Depression is a curable disease. An early detection and 

intervention would shorten the treatment course . 

Unfortunately, the rate of accessibility to treatment is 

surprisingly low. It was reported that less than 50% of 

those who have this mental illness gained access to mental 

health service. The barriers include a lack of knowledge 

and awareness in depression, having negative perception 

about mental health services and a limit numbers of mental 

health professions . To help increase the rate of 

accessibility to mental health service, it is necessary that 

an advanced technology and proactive technique should be 

used. More importantly,to encourage people to beaware of 

their emotional well-being including depression, there 

should be a valid depression detection system available on 

the internet. where most of the people are able to do their 

work. 

II.  DEPRESSION-SCORE PREDICTION MODEL  

For our initial experiments, we used support vector 

regression (SVR) [38] for predicting depression scores (in 

the Beck depression rating scale) from speech. The SVR 

training was performed by using the scikit-learn Python 

package; where the SVR had a polynomial kernel of order 

20. Our initial exploration with different SVR kernels [37] 

revealed that the polynomial kernel was the optimal kernel 

for the given task, and hence we used it as the default 

kernel for all reported experiments. In addition to SVRs, 

we trained separate artificial neural networks (ANNs) for 

each feature type and training condition. The nets were 

trained using back-propagation with a scaled conjugate 

gradient algorithm, where the inputs were the 30D i-

vectors, and the targets were the Beck depression rating 

scores. Note that the ANNs had linear activation for the 

input and output layers, with tan-sigmoid activation 

between the hidden layers. The performance of the ANNs 

was evaluated with Pearson’s product moment correlation 

(PPMC) coefficient, mean absolute error (MAE), and root 

mean squared error (RMSE), as these were the 

performance metrics used in AVEC-2014 [27]. For the 

cross-corpus analysis, we trained ANN models by using  

the AVEC-2014 training data, and then employed the 

trained models to predict the depression scores for the VU-

PTU dataset. We report the PPMC between the model-

predicted depression scores and the HAM-D depression 

scores of the VU-PTU dataset. 
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S.NO TITLE CONENT AUTHOR YEAR 

1. A framework for 

depression 

dataset to build 

automatic 

diagnoses in 

clinically 

depressed Saudi 

patients 

Depression is a public 

health problem that has 

high effects on a person's 

functional and social 

relationships. Depression is 

a growing problem in the 

society. It causes pain and 

suffering not only to 

patients, but also to those 

who care about them. 

Depression disorder is hard 

to diagnose, because its 

symptoms could be 

confused with other 

disorders and has different 

cross-cultural symptoms. 

This paper proposes a 

framework that would best 

solve the problem of 

automatic depression 

detection in depressed 

Saudi patients. This paper 

particularly focuses on 

designing the collection of 

Saudi depression dataset 

using multiple modalities. 

Lubana 

Yusuf 

2016 

S.NO TITLE CONTENT AUTHOR YEAR 

2. Detection of Clinical 

Depression in Adolescents’ 
Speech During Family 

Interactions 

The properties of acoustic speech have 

previously been investigated as possible cues 

for depression in adults. However, these studies 

were restricted to small populations of patients 

and the speech recordings were made during 

patients' clinical interviews or fixed-text reading 

sessions. Symptoms of depression often first 

appear during adolescence at a time when the 

voice is changing, in both males and females, 

suggesting that specific studies of these 

phenomena in adolescent populations are 

warranted. This study investigated acoustic 

correlates of depression in a large sample of 139 

adolescents (68 clinically depressed and 71 

controls). 

Nammana C 

Madague 

2010 

3. An improved model for 

depression detection in 

micro blog social  network 

 

Social networks contain a tremendous amount 

of node and linkage data, providing 

unprecedented opportunities for a wide variety 

of fields. As the world's fourth largest disease, 

depression has become one of the most 

significant research subjects. Previously, a 

depression classifier has been proposed to 

classify the users in online social networks to be 

depressed or not, however, the classifier takes 

only node features into account and neglects the 

influence of linkages. This paper proposes an 

improved model to calculate the probability of a 

user being depressed, which is based on both 

node and linkage features. The linkage features 

are measured in two aspects: tie strength and 

interaction content analysis. Moreover, the 

propagation rule of depression is considered for 

improving the prediction accuracy. 

Xingu wang 

 

2013 
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4. Toward the development of 

cost effective e-depression 

effective system. 

Diagnosis and prevention of depressive 

disorders at any scale have been attracting 

considerable attention of the public healthcare 

in Japan because depression is one of the most 

rapidly pervasive mental disorders in the 

country. A major issue that hinders the 

feasibility of depression screening for its 

prevention is the availability of some simple 

and cost-effective methods for depression 

detection and monitoring. Here in this paper, we 

present the development of a computerized tool 

for depression detection. The tool utilizes the 

theory of chaos and systems complexity to 

extract robust dynamically statistical features of 

physiological signals provided by the low-cost 

technology of photoplethysmography. 

 

Taun D Pham 

 

2012 

 

III.  CONCLUSION 

 

The experiments results show that the use of behavioral 

information on Facebook both in form of  message and 

activities could predict depression. Collection of more data 

to get relevant and valid information. Manual annotating 

all complex attributes using croud sourcing and deeper 

dimensions should also be analysed  in order to create a 

better depression detection algorithm

 

REFERENCES 

 

[1] Diha sharma Research Scholar “Fuzzy Clustering as 

an Intrusion Detection         Technique “, International 

Journal of Computer Science & Communication 

Networks, 2011. 

 

[2] Harley Kozushko” Intrusion Detection: Host-Based 

and Network-Based Intrusion   Detection Systems”. 

Independent Study, 2003. 

 

[3] Husain. Shahnawaz, D.Sc. Gupta, Chand.Mukesh, Dr. 

H.L. Mandoria3, " A Proposed Model for Intrusion 

Detection System for Mobile Adhoc Network” Int’l 
Conf. on Computer & Communication Technology. 

Technology IEEE,2010.  

 

[4] YansenZhou, Vue Zhang, “Research of a Single-

Mode Pattern Matching Algorithm Based on Word 

Frequency and Hash”, 2016 2nd IEEE International 

Conference on Computer and Communications. 

 

[5] Manish Kumar, Dr. M. Hanumanthappa, Dr. T.V. 

Suresh Kumar, “Pattern Matching Technique on 

Fragmented and Out-of-Order Packet Streams for 

Intrusion Detection System”, 2013 International 

Conference on Computer Communication and 

Informatics (ICCCI -2013). 

 

[6] N. Ramirez-Esparza, C.K. Chung, E. Kacewicz, and 

J.W. Pennebaker, The Psychology of Word Use in 

Depression Forums in English and in Spanish: Testing 

Two Text Analytic Approaches, in Proceedings of the 

International Conference  on Weblogs and Social 

Media, Menlo Park, CA:AAAI Press, 2008, pp.102-

108. 

[7] M.A. Moreno, L.A. Jelenchick, K.G. Egan, E. Cox, 

H.Young, 

 

[8] K.E. Gannon, et al., Feeling Bad on Facebook: 

Depression Disclosures by College Students on Social 

Networking Site, Depression and Anxiety, 28(6), 

2011, pp. 447-455. 

 

[9] X.Y. Wang, C.H. Zhang, Y. Ji, and L. Sun, L.J. 

Wu,and 

 

[10] Z.N. Bao, A Depression Detection Model Based on 

Sentiment Analysis in Micro-blog Social Network, in 

Proc. PAKDD-2013 Workshop on Data Analytics for 

Targeted Healthcare, 2013, 2013, in press. 

 

[11] C.C.Aggarwal,SocialNetworkDataAnalytics.Springer,

New York, 2011, pp.1-15 

 

[12] J.M.Alcala´,J.U.na,A.Herna´ndez,andD.Gualda.Asses

singhumanactivity in elderly people using non-

intrusive load monitoring. Sensors, 17(2),2017. 

 

[13] M. Altiok, M. Yilmaz, P. Onal, F. Akturk, and G. O. 

Temel.Relationship between activities of daily living, 

sleep and depression among the aged living at home. 

Pak J Med Sci, 28(1),2012. 

 

[14] F. Bagulho. Depression in older people. Current 

Opinion in Psychiatry, 15,2002. 

 

[15] A. T. Beck, R. A. Steer, and M. G. Carbin. 

Psychometric properties of the beck depression 

inventory: Twenty-five years of evaluation. Clinical 



Special Issue Published in Int. Jnl. Of Advanced Networking & Applications (IJANA) 

  
Page 95 

 

  

psychology review, 8(1),1988. 

 

[16] B. Logan, J. Healey, M. Philipose, E. M. Tapia, and S. 

Intille. A long-term evaluation of sensing modalities 

for activity recognition. In UbiComp,2007. 

 

[17] D. Lymberopoulos, A. Bamis, and A. Savvides. 

Extracting spatiotem- poral human activity patterns in 

assisted living using a home sensor 

network.UniversalAccessintheInformationSociety,10(

2),2011. 

 

[18] D. of Economic and U. N. Social Affairs. World 

population ageing 2015,2015. 

 

[19] J. A. Sheikh and J. A. Yesavage. Geriatric Depression 

Scale (GDS): 

Recentfindingsanddevelopmentofashorterversion.198

6. 

 

[20] M. Alpert, E.R. Pouget, and R.R. Silva, “Reflections 

of Depression in Acoustic Measures of the Patient’s 

Speech,” J. Affective Disorders, vol. 66, no. 1, pp. 59-

69,2001. 

 

[21] N. Ambady and R. Rosenthal, “Thin Slices of 

Expressive Behavior as Predictors of Interpersonal 

Consequences: A Meta-Analysis,” Psychological 

Bull., vol. 111, no. 2, pp. 256-274,1992. 

 

[22] A.P. Association, “Diagnostic and Statistical Manual 

of Mental Disorders,” Am. Psychiatric Assoc.,1994. 

 

[23] B.A. Bettes, “Maternal Depression and Motherese: 

Temporal and International Features,” Child 

Development, vol. 59, pp. 1089-1096, 1988. 

 

[24] P. Boersma and D. Weenink, “Praat: Doing Phonetics 

by Computer,” Univ. of Amsterdam,2009. 

 

[25] S.M. Boker and J.F. Cohn, “Real-Time Dissociation 

of Facial Appearance and Dynamics during Natural 

Conversation,” Dynamic Faces: Insights from 

Experiments and Computation, H.H.  

Bu¨lthoff,andM.A.Giese,eds.,  pp.  239-

254,MITPress,2011. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 


	I. Introduction
	II.  Depression-Score Prediction Model

